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Exploring solution areas
What are the alternatives to copilot?

What can you conclude from
the orders placed versus the

orders shipped?
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Fabric Data Agents
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Introducing Fabric Data Agents

The conversational Data Agent allows users to interact
with data naturally, enhancing accessibility and usability.

Improved chat canvas for creators with new debugging

capabilities, making it easier to understand and refine
responses.

Seamlessly reason over multiple data sources, including

Lakehouses, warehouses, semantic models and
Eventhouse KQL databases

Your Data Agent can be consumed inside and outside of
Fabric. Stay tuned for upcoming integrations with
Copilot Studio, Teams, Azure Al Foundry and your own
custom applications.
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Fabric Copi!ot Teams Power Bl Azure Al REST
Studio Copilot Foundry
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Data Agent building blocks

. Je  Data Agent
* Easy configurable

¢ Exposa ble 0“ Agent Config

* Multi-source @) Agent instructions

* Developer-friendly §93 Description

& Built-in Al Tools © Data source definitions

NL2DAX

8 Data Sources

@ Table selections

NL2SQL || ) Orchestrator agent

Eq NL2KQL E,* Data source instructions

63) Example Queries
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Creator configurations

Instructions (schema) Verified answers

Agent Instructions Data Source Instructions Example Queries
Intended Use Cases: Intended Use Cases: Intended Use Cases:
 Specify which data sources to route for * Provide clarity on how to use * Reflect advanced logic
SPEEIE GEsIo e SEIE SOLITEE  Examples should highlight join patterns or
 Guide how the agent interprets user intent * Guide table selection for topics expected values

* Ensure correct query logic

What to include:

* Map terminology to user intent What to include: What to include:
* Define steps for handling key questions * Descriptions of key tables * Representative set of questions a consumer
& columns may ask

 Setresponse style and tone
* Recommended table usage for certain topics

* Example columnvalues and
filter patterns
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Different types of supported sources

@ Lakehouse Warehouse Eventhouse m Semantic Model

And related sources (like mirrored sources)
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Data Agent orchestrator

Lakehouse
: : Table
Agent instructions .
selection
NL2SQL
Warehouse
Source
instructions
Data Example
Agent i
g Source selection queries Eventhouse
NL2KQL

Open Al query
rephrasing
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The Data Agent flow

Tell me more about
customer 3243

Account details for

e

Lakehouse
CustomerDetails

l

SELECT *
FROM Profiles

customer 3243

Data Agent
Orchestrator

Detailed
Customer Profile

Find all the survey comments

How marny purchases did
user 3243 make?

N4

O

Eventhouse
KQL DB

l

GameBehaviors
| where Behavior == “play*
| summarize hrs =

from customerid: “3243”

Al Search Tool

“Loved the game! Found the
update times to be quite slow

The data agent delegates
questions to specific tools or
data sources.

Data Sources are specialized
at taking a natural language
question and generating a
response — query or result.

Data Sources & Tools supply
their response back to the
orchestrator — allowing it to
process the information and
think about the next step or
return the summarized result.

WHERE CID=3243 sum(HoursPlayed) though”
| where CID=3243
\
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Semantic models: Prep data for Al

Three main pillars
e Simplify schema

e \erified answers
(links to visuals)

e Allnstructions

EZ Prep data for Al

| Get started
Simplify the data schema
Verified answers

Add Al instructions

Prep this model to be Al-ready

Improve Copilot insights about this semantic model in a few simple steps. Publishing to the Power Bl service will apply your changes to all Copilot

chats, but updates may take a moment. Learn more

TEQ Simplify the data schema l_ﬂl Verified answers E,* Add Al instructions

Improve response accurac eselecting fields Save predefined responses for your most critical Help Copilot understand industry terms, business

Copilot doesn't need to analyze. business topics. pricrities, and important data fields.
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Semantic models: Prep data for Al — Simplify schema

. ci]
e Only keep what is relevant! =& Prep data for Al
. o e Get started . . .
* Hide report-specific measures S Simplify the data schema (preview)
oy e 5 >ImPpily the data schems Improve response accuracy by deselecting fields Copilot doesn't need to analyze. This creates a d
¢ C O N d It I O N a l. fO 'm attl N g Verified answers

* Measures outputting texts like visual titles Add Alinstructions

* Disconnected tables likely cause issues
- build relationships!

Keep in mind that Visual Calculations are not part of
the semantic model!
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Semantic models: Prep data for Al - Verified answers

. ci]
e Only keep what is relevant! =& Prep data for Al
. o e Get started . . .
* Hide report-specific measures S Simplify the data schema (preview)
oy e 5 >ImPpily the data schems Improve response accuracy by deselecting fields Copilot doesn't need to analyze. This creates a d
¢ C O N d It I O N a l. fO 'm attl N g Verified answers

* Measures outputting texts like visual titles Add Alinstructions

* Disconnected tables likely cause issues
- build relationships!

Keep in mind that Visual Calculations are not part of
the semantic model!
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Semantic models: Prep data for Al - Verified answers

EZ Prep data for Al

Get started e .
Verified answers (preview)
Simplify the data schema
| Verified answers & All verified answers
Add Al instructions

Phrases connected to verified answers

Add phr g se wher i b el data, and Copilot will respond with
this visu

What are my to

w the top 3 categories by sales.

Copilot suggestions

Which product categories have the highest sales?

G Refresh

t for mistakes. Read terms

Sales Amount

below will ap rin Copilot's responses to phrass
on't impact this visual.

Cell phones
CategoryMName

you add. Any changes to the

Home Appliances

N S
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Semantic models: Prep data for Al — Al instructions

* Unstructured guidance (textual) E% Prep data for Al

Get started

* No guarantee the guidance is followed exactly —
see it as a hint!

| Add Al instructions

* Response formatting
Style
Tone

* Business specific logic — for example:
Define what is a top performer — high or low?
Peak / off-season: which months are these?

Add Al instructions (preview)

Provide context on important data fields, business goals, and industry terms to improve Copilot i
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Keep in mind!

The answers will only be as good
as your data!
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https://x.com/urbandictionary/status/958044898212630528

Define success

|

Reliable answers Secured Well adopted
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SDK

* Programmatic Management: Create, update, and delete Data Agent artifacts seamlessly.

* Data Source Integration: Easily connect to and integrate multiple data sources, for enhanced data
analysis and insight generation.

* OpenAl Assistants APl Support: Use the OpenAl Assistants API for rapid prototyping and
experimentation.

* Workflow Automation: Automate routine tasks to reduce manual efforts and improve operational
efficiency.

* Resource Optimization: Optimize configuration and management of Data Agent resources to better
align with specific customer needs.

%pilp install fabric-data-agent-sdk
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Diagnostics

“Al is wrong” to structured root cause analysis!
Where to start your investigation when the answer is not what you’re looking for?

Permissions Notes for model
e RLS/CLS * Tone & voice
* |tem level access * Context (what is a good performer, high or low?)
* governance policies * Hints (example queries)
Prompt & grounding Generated query analysis
* Clear question * Diagnostics

* Proper metadata
Capacity & performance

Source grounding * Storage mode (for semantic models)
e Semantic model, lakehouse, warehouse, eventhouse * Model size
* Relationships and item naming * Load on the capacity

CONVERSATION
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Diagnostics

“Al is wrong” to structured root cause analysis!
Where to start your investigation when the answer is not what you’re looking for?

Test the agent’s responses g EI B

Q? Export diagnostic file

: Environment and Any proprietar
Data source schemas File metadata and . ' e : yp . P y
User prompts and confisurations contents artifact identifiers information you may
g (GUIDS) have entered

- |
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3] File Edit Selection View Go Run Terminal Help
Restricted Mode is intended for safe code browsing. Trust this window to enable all features. Manage Learn More

diagnostics-a513749d-39bc-42d0-a002-dcd1a68d6811 json X

C: » Users > MarcL > Downloads > 3749d-39bc-42d0-a002-ded1a68d6811.json > {} datasourt

° )
D I a I I O St I C S "downloaded at": "2026-03-04T14:01:48.795Z",

"rolloutEnvironment™: "PROD",
"stage": "sandbox",
"artifactId": "a513749d-39bc-42d0-a082-dcdla68d6811",
"workspaceId": "@73a733c-faf5-4e8e-b7f0-563480204837",
"config": {
"configuration™: {
"dataSources™: [
{
"workspaceId": "@73a733c-faf5-4e8e-b7f0-563480204837",
"artifactId": "c4436ed1-8386-47bd-b142-b571c9675698",
"type": "lakehouse_tables",
"id": "c4436ed1-8386-47bd-b142-b571c9675698",

"isSelected”: true

Source

"additionalInstructions"”: "The table FactInternetSales has a relationship to DimProduct based on the column ProductKey. \n\nWhen I ask for the sales amount, or total sales, or revenu

i n Stru Cti O n S "schemaVersion": "https://developer.microsoft.com/json-schemas/fabric/item/datalAgent/definition/datalgent/2.1.@/schema.json”

"\"@0x8DE2B456941BOC8\""

"datasources™: {
"cd4436ed1-8386-47bd-b142-b571c9675698": {
"schema™: {
"dataSourceInfo™: {

"type": "lakehouse_tables",
"lakehouse_id": "c4436edl1-8386-47bd-b142-b571c9675698",
"lakehouse_name": "DemoData",
"lakehouse_workspace_id": "873a733c-faf5-4e8e-b7f0-563480204837",
"sgl_endpoint”: "xlhywod5jbtejmmafiaqc4qg5Se-hrztub7v7khe5n7gky2iaicigd.datawarehouse.fabric.microsoft.com™,
"id": "c4436ed1-8386-47bd-b142-b571c9675698",
"display_name": "DemoData”,
"user_description”: "dbo.DimProduct.Color represents the product color.

b = @ D

"
3

-

G Y R Y "
(") T

(%]

"additional_instructions™: null,
Schema
"elements™: [

{

i nfo r m ati O n "id": "dbdb888b-08f7-4157-%ele-03c8bd6d7ea7",
( "is_selected": false,

"display_name": "dbo",

"type": "lakehouse_tables.schema”,

"description™: null,

"children™:

{

"id": "babfeBc3-a481-438a-a92b-dlbce5d19ab6™,
"is_selected": true,
"display_name": "dbo_DimDate",
"type": "lakehouse_tables.table",
"description”: null,

"children™: [

r
L

a n d m u C h m O re ' "id": "552ae565-6aab-439b-9325-b2833b66a3c3",
L) ° "1 1" J

@ Restricced Mode @040 @ In23 Col19 Spacess2 UTF8 LF {}1son &
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Permissions

Data access Data source permission requirements

Agent access

Pass-through mechanics

* User credentials flow to the data source Default (None) N/A X
*  Permission evaluated per-user, per-query View details View the configuration [~
* RLS/OLS etc. are baked-in and settings, but make

no changes.
Service principals (SPN) are supported, _ . . . .
Access requires a user identity. Edit and view Edit the configuration

details and settings.

CONVERSATION
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Golden record testing

Golden Record Dataset

* Establishes trust by validating your Data Agent

against a known, authoritative dataset. P Pre-defined
* Results are compared one-to-one Questions Questions on
* Enables objective evaluation J, l
Fabric Data Agent Direct SQL Query
on Source
Gains confldenpe In the data agent, produces e e Ground Truth
accurate, explainable and repeatable answers Answer Result

Result Comparison & Validation
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Demo
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Microsoft Foundry

Sales Customer
Satisfaction

Copilot Studio
Agent Architecture

One to rule them all?
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O

M365 Copllot J ‘
Mlcrosoft Foundr;\ / Copilot Studio

Part of a larger ecosystem CI‘ " Data Agent P

(Open Al standard)
Data
Agents ” N

Fabric Data Agent External (Python) Client
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Wrap-up

* Fabric Data Agents enable natural, governed access to data across OnelLake, semantic models,
lakehouses, warehouses, and eventhouses.

* Strong foundations matter most, with well-prepared schemas, verified answers, and clear Al
Instructions driving accuracy and trust.

* Security and diagnostics are essential, ensuring correct permissions, explainable behavior, and
structured root-cause analysis when results differ.

* Data Agents fit into a broader ecosystem, integrating with Fabric, Power Bl, Copilot Studio,
Microsoft Foundry, and custom applications.

Key takeaway:
Reliable Al answers come from reliable data, thoughtful design, and continuous validation.
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How was
the session?

FABCON & SQLCON - The Microso ft

Fabric & SQL Community Conferences
Mar 16 — 20, 2026

5@ rpnCl
wrn*"”*

Additional Resources

@ @
Leaderboard Photos

Complete Session Surveys In

(Ju&oua, for your chance to WIN

PRIZES!
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